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Using Connected-Components’ Features to Detect and Segment Text
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Abstract Text recognition in natural scenes has a promising future, but its application is limited by the technique of text
detection and segmentation. To detect and segment text effectively, this paper proposes an approach for detecting and
segmenting text from scene images by using Connected-Components’ features. First, the image is decomposed into a list of
Connected-Components( CCs) by Niblack algorithm. Then all the CCs’ features are verified by 2-stage classification
module which is composed by a cascade classifier and a SVM. Most of non-text CCs are filtered out by cascade classifier
and the remaining CCs are further verified by SVM. The final outputs are binary images containing texis only. Experiments
have been taken on lots of images, the precision is more than 90% and recall is more than 93% .
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Fig.1 Niblack decomposition result
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Fig.2 Structure of cascade classifier
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Fig.3 Result of cascade classifier
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